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Executive Summary

The UNICEF Global Innovation Centre launched an SMS-based platform called U-Report
in 2011 to connect young people with their governments and provide information on
topics important to them. Currently U-Report has 3 million users (and is rapidly growing)
making it an interesting candidate for enhancing the reporting on the Sustainable
Development Goals in an open, inclusive, transparent and participatory way. It could
effectively achieve this through the use of Perceptions Data (defined in this paper as
expressed views of people on a particular topic) when reporting progress towards the
Sustainable Development Goals (SDGs). Therefore, this paper, undertaken in partnership
with UNICEF, attempts to fill an urgent gap in understanding how to effectively measure
people’s perceptions to enhance the reporting of progress towards the Sustainable
Development Goals (SDGs), and especially how these lessons could be applied to

U-Report.

Perceptions Data gathering and utilization has the ability to enhance citizen
participation and understand the underlying causes and mindsets that lead to a lack of
progress towards certain social indicators, like those targeting gender norms. Currently,
Perceptions Data is being collected across traditional face-to-face surveys and newer,
technology-based platform utilizing SMS and instant messaging. One key issue being

faced is that prior to this new technology enabling systematic collection of Perceptions



Data, the existing available findings weren't really on the radar of key decision makers
and were thus not something they were held accountable to by the wider public
(although this is changing with the recent political upheavals in the Western world).
Additionally, with these new methods of data collection, it is important to balance their

potential cost effectiveness with the quality and robustness of data generated.

Given this context, the paper fills a gap in existing research through identifying key
existing tools that measure perceptions and evaluates their effectiveness in doing so by
using an Analytical Framework that draws not only from a theoretical and
research-based perspective, but also includes a focus on practical applicability of
results. Specifically, the evaluation targets four key standards to determine
effectiveness: Representation, Timeliness, Measurement, and Credibility which is then
used to identify key strengths of tools and areas that can be improved upon to better

measure perceptions to determine progress towards the SDGs.

From the analysis it is concluded that there exist two typologies of tools showcasing
the trade-off between the Representation and Timeliness standards and that while the
tools designed for representation are more direct and controlled in their measurement
of perceptions, biases still remained across both typologies. Additionally, information
on the questions and tool methodologies are generally open with certain tools more
comprehensive in their coverage of SDG indicators. These findings lead to three key

recommendations being made to answer the research question:



Confront the trade-off between timeliness and representation: This includes
greater use of mixed methodology approaches combining existing tools with
new techniques to examine for biases, working with partners to build and test
representative sample frames, and utilising clever design to address literacy,
non-responses, and attrition within the sampling frame;

Use a framework for effective question design: In building an Analytical
Framework capable of assessing what makes an effective tool, a significant
number of questions were analysed, providing clear examples and a framework
for how to gather perceptions on youth related targets and indicators. This
framework is designed to help practitioners confront framing and recall effects,
social desirability and recall biases, and other potential pitfalls of question
development and design; and

Make SDG perceptions data more accessible: These tools are unlikely to replace
existing measurement strategies and techniques, and nor should they, but they
have a number of strengths that can contribute to the existing measurement
ecosystem. This involves bringing data collected into a single, easy to access
open data portal, and examining how different data sets can be effectively

combined to build deeper understanding of the complex constructs that are the

focus of the Agenda for Sustainable Development.
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I. Problem Definition and Context

l.a. Background, Context and Research Question

The establishment of the Millennium Development Goals (MDGs) represented a
watershed moment in global development efforts, with an articulate global agenda and
agreed metrics allowing for significantly greater international coordination. Criticism,
however, arose that these MDGs were not responsive to local realities (Vandemoortele,
J, 2011). Following this, the development of the 2030 Agenda for Sustainable
Development has adopted a more participatory and inclusive approach to both defining
the problem and reviewing national progress towards it (UN General Assembly, 2015). A
crucial way in which it aims to do so is by promoting the use of Perceptions Data
(defined in this paper as expressed views of people on a particular topic) when

reporting progress towards the Sustainable Development Goals (SDGs).

The Agenda sets a roadmap for the measurement and reporting of progress towards
the SDGs and its indicators. Along with a focus on rigour, evidence-based approaches
and data disaggregation, there is a strong push for holistic measurement of progress,

as highlighted by the following excerpt:

A robust, voluntary, effective, participatory, transparent and integrated follow-up
and review framework will make a vital contribution to implementation and will
help countries to maximise and track progress in implementing this Agenda in

order to ensure that no one is left behind. (UN General Assembly, 2015).



As part of a broader push to engage local people in development, UNICEF launched
U-Report first in Uganda in May 2011. U-Report began as an SMS-based platform for
youth to shape their futures by providing thoughts and opinions on issues and topics
important to them. It has since been scaled up to 34 nations. The U-Report platform
aims to use this information to connect young people with their representatives,
improve delivery of social service programmes and draw the attention of national
governments and the UN to urgent issues. For example U-Report is a leading provider of
sexual health information in Mozambique, enabled partially by the level of
confidentiality afforded by the use of technology (“How SMS,” 2016). With 3 million
‘U-Reporters’ on this platform, there is interest in examining whether and how it can be
used to measure and report on key sustainable development indicators in an ‘open,
inclusive, participatory and transparent’ way. In this context and working in partnership

with UNICEF, the research questions being analysed in this paper are:

- What makes a tool effective and which current tools have been the most

effective, in measuring people’s perceptions?; and

- How can these tools for measuring perceptions - especially U-Report - be used

to enhance the measuring and reporting of SDG progress?

To focus the analysis of perceptions measurement for the SDGs, only a subset of its
230 indicators were considered for this paper. The responsibility for reporting on these
indicators lies with national governments, however, the United Nations Statistical
Commission formed the Inter-agency and Expert Group (IAEG) in March 2015 to develop

an indicator framework for the goals and targets established as part of the Sustainable



Development Agenda at the global level, and support its implementation (“IAEG-SDGs,”
n.d.). As the leading UN agency for children, UNICEF has a key role in working towards
achieving much of this agenda and in measuring and tracking progress, particularly in
connection with the 33 indicators directly connected to child and youth development. Of
these, UNICEF is the proposed sole custodian for 10, and joint custodian for a further six
(“Revised list,” 2017). All 33 of these indicators were considered to answer the above
mentioned research questions. (A detailed list of these 33 indicators can be found in

Appendix 1).

Some of these indicators have been designated by the IAEG as Tier I, meaning that
measurement is conceptually clear, there is an established methodology available and
data is regularly produced by countries. For a number of these indicators, however,
existing measurement methodologies are not regularly undertaken or no clear
methodology or standards exist. Indicator 4.2.1, for example, which aims to track the
proportion of children under five years of age who are developmentally on track in
health, learning, and psychosocial well-being, is Tier lll; there is no established
methodology for this indicator. This paper is based on the premise that perceptions
measurement is a useful addition to this not yet fully developed landscape of SDG

indicators.

I.b. Key concepts and assumptions

The definition of ‘Perceptions Data’ as the “expressed views (opinions or perceptions)

of people on a particular topic” has been adopted from Rodriguez Takeuchi, Hine and



Chavez (2015). This excludes objective data gathering (e.g. questions asked around
certain life events, material possessions or other reported facts like income levels,
voting behaviour, and frequency of usage of public transport). ‘Perceptions Data’ is not
simply subjective data renamed. Rodriguez Takeuchi et al. (2015) note that ‘expressed
views’ here primarily constitute perception and opinion gathering questions as choice
can have different methodological problems. Additionally the authors are very clear in
stating that ‘people’ are the general population. Perceptions Data thus excludes expert
opinion, even though it may be about their opinions and perceptions (Rodriguez

Takeuchi et al., 2015).

Given this definition, it is unsurprising that Perceptions Data has largely been measured
by surveys to date although, barring the My World Survey, no measurement tool has
expressed measuring perceptions of progress towards the SDGs as an explicit goal.
The Oxford Poverty and Human Development Initiative (OPHI), for instance, have added
on a ‘subjective’ element to their questionnaires (Rodriguez Takeuchi et al., 2015). Other
examples of global surveys which have some perception-measuring questions include
the ‘Gallup World Poll’ and the ‘World Values Survey’, both of which have been designed
to cover a large number of countries with their standardized questionnaire on religion,
government, ethics and well-being. These global surveys attempt to be nationally
representative but have struggled to reach conflict areas, vulnerable populations and
the homeless. There also exist regional surveys like the Latinobarometer, where the
countries targeted are more limited but the questions could be more specific. Finally,

several countries have successfully set up national data gathering instruments that



incidentally also measure people’s views, such as the Social Weather Station in the

Philippines (Alkire & Samman, 2014).

In order to develop key conceptual lessons in designing tools to measure perceptions,
only those that incidentally measure perceptions across multiple countries (despite the
significant potential adaptability of these tools to specific local contexts) were
considered for analysis. Additionally, to avoid scope creep and ensure that the findings
of this paper are as useful as possible, the focus was on ensuring that these tools have
sufficient general characteristics. Country-specific practical challenges, like the lack of
existing methodologies and coverage to collect information on the 33 SDG indicators in
say a sparsely populated wealthy arctic country compared to developing dense tropical
one are therefore not considered in this paper's findings; the focus being on
understanding how these tools could be best used in theory. Finally, only perceptions
questions asked since 2014 (a year before the commencement of the Agenda for
Sustainable Development) were analysed, or in the case where a post-2015 round is not
publicly available, then the latest available was considered to keep the findings relevant

and timely.
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Il. Literature Review

Building on the context outlined above, a review of the literature was undertaken to
determine why measuring and understanding people’s perceptions is important, how it
can be applied to the 2030 Agenda for Sustainable Development, what lessons could be
learnt from current tools incidentally measuring these perceptions already and what

potential issues may be faced in this process.

Il.a. Why is ‘Perceptions Data’ important for SDG measurement?

It has been argued that Perceptions Data forms a bridge between knowledge
generated by Professional Social Enquiry (PSI) and ordinary knowledge. According to
Lindblom and Cohen (1979), PSI consists of activities that focus on establishing a
causal explanation of social problems and actions whereas ordinary knowledge is that
which is generated by common sense, speculation, thought and casual empiricism.
There remains an important need to bridge these two forms of knowledge, since the
commonly used method of ignoring ordinary knowledge and preferring PSI for social
problem solving often leads to inefficient decision making and prioritization (Lindblom

& Cohen, 1979).

More importantly, effective Perceptions Data measurement and utilization in policy
making would bring the field of Public Policy closer to Lasswell’s original image - a

multidisciplinary, contextual, normative and problem-oriented focus to decision-making

11



(DeLeon, 2006). Asking citizens affected by a particular policy to share their viewpoint
ensures that rationalistic policy making is not simply used to mask a particular
ideology. Doing so in a manner that emphasizes political choice and citizen
participation would further lead to more insightful policy definition, making, analysis,

and monitoring.

Examples of this need to reform the field Public Policy abound. The OECD Better Life
Initiative has argued that despite the money spent on monitoring areas, traditional data
collection have failed to indicate key events such as the 2011 Arab Spring (OECD,
2013). Indeed, traditional indicators such as GDP per capita were growing in key
countries in the region. Gallup concurs, claiming that not enough focus was put on
understanding how people in that region were thinking, and this lack of understanding
contributed to the crisis (Gallup, 2012, cited in Rodriguez Takeuchi et al., 2015). This
conclusion is supported by Stiglitz, Sen and Fitoussi (2009) finding that only one third
of people of in the United Kingdom and France trusted official statistics (Stiglitz, Sen &
Fitoussi, 2009). In addition, Leo (2013) found that only 16% of US development

assistance in Africa went to any of the top three priorities of local citizens (Leo, 2013).

Rodriguez Takeuchi et al. (2015) also argue that Perceptions Data could potentially fill
a gap in the timeliness and availability of data. Indeed, Groves et al. (2009) highlight
the Consumer Sentiment Survey'’s ability to gauge American unemployment rates more
quickly than other objective surveys using questions about perceptions of the
American labour market. In contrast, data included in the MDG indicators report were

as much as four years old, making it difficult to assess progress (Sharma, 2014).
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Barrett (2010) points out that the UN’s Food and Agriculture Organisation food
insecurity scale has proved to be a fairly reliable indicator of potential malnutrition
crises and is being used as somewhat of an early warning system to target vulnerable

populations (Barrett, 2010).

Additionally, one could argue that for certain SDGs, such as goal number five (“Gender
Equality”), a key element of the goal is for the evolution of social norms, which can be
challenging to measure using only objective data. Perceptions Data can be of
particular use in understanding the beliefs that underlie certain taboos. The OECD’s
Social Institutions and Gender index is an effort to blend measurement of the objective
legal framework, with Perceptions Data on the underlying social norms. Measuring
these social norms and perceptions not only allows for a more detailed understanding
of the de facto situation, but enables policy makers to better plan interventions

(Rodriguez Takeuchi et al., 2015).

Price (2007) noted that while traditional engagement of the public has taken place at
the evaluation phase of policy making and execution, a complementary shift to public
involvement at the problem definition phase, where they can share their thoughts on
what policy areas need the most attention and what they would like the output of policy
decisions to be, would better play to their capabilities (Price, 2007). This directly links
to the current motivation behind using Perceptions Data to not only create but also
measure progress towards the SDGs. An example of using Perceptions Data for

problem definition was the global ‘My World Survey’ which asked citizens what was the
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most pressing social concern for them and their families in order to inform the crafting

of the SDGs (UN News Centre, 2014).

Finally, this proposed use of Perceptions Data bears some similarities to the emerging
literature around policy crowdsourcing, which is also being enabled by new
communications technologies. As alluded to above, this has been proposed mainly at
early stages of the policy cycle, however Prpié¢ et al. (2015) argue that utilisation of
online platforms for virtual labour markets, crowdsourcing tournaments, and open
collaboration can be utilised at every stage of the policy process. They discuss
primarily how existing platforms can be utilised to solve problems, generate ideas, and
leverage the dispersed knowledge of groups. While the purpose, and goals of these
crowdsourcing approaches are different to that covered in this paper, the review of
relevant literature found many of the same advantages and drawbacks as outlined in

the following section (Prpi¢ et al., 2015).

ll.b. How have current tools been measuring perceptions and what lessons

have been learnt?

Rodriguez Takeuchi et al. (2015) highlight that while representation is worth
monitoring, the strength of Perceptions Data is its frequency and timeliness in gauging
when policy intervention is required. This strength relies on the fact that what opt-in
modes of questionnaire delivery like SMS- and web-based surveys may forego in
representative sampling, they make up for this in speed of response (Rodriguez

Takeuchi et al., 2015). In short, while there is some division in the literature on the ideal

14



method of measuring Perceptions Data in relation to the SDGs, the technology used in
this measurement is a central factor. Given the rapid pace of change in technology in
the last three decades (i.e. the spread of mobile and smartphone technology and the
advent of the internet), it is not surprising that there has been no systematic review of
which technologies have been, or are currently being, used for gathering Perceptions
Data related to SDGs (at the time of research, the UN Statistics Commission is
examining the use of Perceptions Data in goal measurement)." It is possible then, that
the usage of Perceptions Data to help measure SDGs will favour certain data collection
methods over others that are usually recommended for subjective data (e.g. opinion

polls, subjective well-being surveys etc).

On the other hand, Rodriguez Takeuchi et al. (2015) point out that main method of
Perceptions Data gathering has been surveys with the mode depending on coverage.
The most direct use of Perceptions Data in relation to SDGs to date is the MY World
Survey as discussed earlier. Howard and Wheeler (2015) have argued that the survey’s
technology limited its usefulness as it relied mostly on paper ballots distributed by
partner NGOs which may not have been representative (it did also use web and SMS
ballots, though so far these two modes combined have accounted for a little over one
million of the 9 million responses) (Howard & Wheeler, 2015). A few other indirect tools
that frequently measure perceptions in their questionnaires are the Gallup World Poll
and the World Values Survey. While the Gallup World Poll splits modes relying on

telephone interviews where coverage is sufficient (mostly developed countries) and

' The 2017 UN World Data Forum (held in January), for example, hosted a plenary session by
Afrobarometer on the use of Perceptions Data in relation to the SDGs.
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face-to-face (FTF) interviews, the World Values Survey has used telephone interviews
in special circumstances where representative coverage would otherwise be difficult to
achieve (World Values Survey, 2016). In short, so far major global tools have mostly

relied on more traditional survey technology.

Nonetheless there is a growing body of literature on using information communication
technology (ICT) to conduct opinion surveys. Liige (2015) reviews eight SMS platforms
all of which are capable of two-way communication and points out that currently,
SMS-based data collection will reach a wider audience than instant messaging (which
relies on smartphones or notebook access) (Liige, 2015). Interestingly UNICEF
Myanmar has had some success at building a group of U-Reporters utilising only
Facebook, however this has only occurred in the last 12 months which explains why no
systematic reviews related to this approach have been found. Leo and Morello (2015)
argue that in practice subjective poll data is better gathered via a call center rather than
by Interactive Voice Recognition (automated software) (Leo & Morello, 2015). Both
authors note that text-based questionnaires rely on high levels of literacy to be

representative.

One significant advantage that new technology has the potential to bring is that of
reduced cost. While Bamberger et al. (2016) acknowledge that the initial costs of
establishing IT systems in terms of both infrastructure and software development can
be high, they enable significant economies of scale that can lead to cheaper
measurement. Additionally, Morrow et al. (2016) outline how the World Food

Programme’s mobile Vulnerability Analysis and Mapping (mVAM) was able to more
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effectively understand the needs of particularly vulnerable groups using technology.?
Furthermore, mMVAM was also able to deploy this technology quickly during the 2014
Ebola epidemic in West Africa where it may have been unsafe to respond using
traditional methods. By utilising new technologies these groups were reached while
reducing costs from $20-$40 for FTF surveys to $5-S9 ($5-S6 for SMS alone) using a
mix of phone calls, Interactive Voice Response (IVR) and SMS (Morrow et al., 2016,

World Food Programme, n.d).

Additionally, when first rolling out mVAM a number of different approaches were tried
to build a better understanding of the biases outlined above, including distributing
mobile phones to vulnerable communities in refugee camps, and utilising mixed
methods approaches combining traditional FTF surveying with new technologies. They
found that attrition of the sampling frame was a significant challenge, and that food
insecurity was higher despite a probable bias to wealthier and literate households. A
key lesson acknowledged by Morrow et al. (2016) is that survey design needs to be
iterative, and questionnaires must be piloted, indeed without the enumerator clarifying
or providing context clues, ensuring the questions are clear to respondents is of even

greater importance (Morrow et al., 2016).

Il.c. What issues have been identified in utilising these tools?

The main areas of concern when gathering Perceptions Data is balancing between the

classical ‘objective-subjective’ divide when it comes to social science research. As

2 These groups often live in areas isolated by conflict or poor infrastructure, making data collection costly
and potentially dangerous
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highlighted above and reiterated by Veenhoven (2004), there is an urgent need to bridge
this divide and collectively use both sources of data and insights to inform policy
decisions (Veenhoven, 2004). Some of the key criticisms of subjective/Perceptions
Data that has prevented this collective usage from taking place is the concern that the
data collected is not reliable, representative of all citizens nor does it include

populations living in inaccessible regions. (Herbert, 2013).

Additionally, there is the issue of existing subjective data being ignored by policy
makers. Seaford (2013) attributes this to the fact that subjective indicators such as
perceptions indicators do not normally take centre stage in public debates and thus
politicians are not held accountable to them by the public. It is further suggested that
the reason for this not happening is that subjective indicators are often not as simple
and easily understandable as macro-level objective indicators like GDP. Their analysis is
also not focussed on identifying key drivers and causal pathways, making it difficult to
tangibly interpret the data in ways that could prove useful for policy. This means that
people are unable to make a decision on whether the subjective indicator matters to
them or not, leading them to not hold politicians accountable to them, although this

could be changing (Seaford, 2013).

Bamberger et al. (2016) argue that the focus on the ability of these new technologies to
generate and analyse data far quicker, and at significantly lower cost than traditional
methods has led to less focus on issues such as data quality, relevance and selection
bias than should be the case. With average adult mobile penetration rates in Africa of

73% and growing, there is certainly the potential to reach large numbers of people
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relatively cheaply, even in developing contexts. However, the ability to achieve a degree
of representativeness is dependent on high penetration rates, with the internal
distribution of who has mobile phones also important. For example, the Centre for
Global Development and the World Bank attempted to build nationally representative
samples using mobile network operator data. While this was relatively successful in
Zimbabwe, in Afghanistan mobile penetration is much lower, and a number of factors
have restricted the adoption for rural women, so representativeness has been much

harder to achieve (Bamberger et al., 2016).

Bamberger et al. (2016) also point out that users of these new technologies need to
confront is the fallacy of large numbers. While crowdsourcing and other techniques
enable large sample size, the skew in access towards wealthier and more literate
individual means that the results may not reflect the broader priorities and thoughts of
the community. One key way to combat this is through defining the sampling frame
first, and directly providing mobile phones when necessary, to the population of interest

(Bamberger et al., 2016).

Comparing costs is not as simple an issue as it might seem. The World Bank Guide for
Mobile Phone Panel Surveys (MPPS), for example, outlines three major contributors to
the cost of a panel survey: conducting a baseline survey; the costs of hardware
including survey infrastructure and the mobile phones; and a call centre. Yet for an SMS
or app based approach, many of these costs can be reduced, particularly per data point
as they reach a scale of respondents, although when the costs of SMS are included it

can be difficult to be cost competitive compared to the very comprehensive surveys
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that can be run. They caution that comparing costs with traditional FTF surveys is likely
to be misleading, and lead to different conclusions in different circumstances, with
mobile surveys able to respond rapidly to changes, and collate and disseminate data
much quicker (Dabalen et al, 2016). That being said, mobile phone operators
sometimes bear or donate the costs of SMS, and in these instances, there can be a

significant cost advantage.

Finally, there is the problem of conflicting and overlapping worlds of public, private and
civil society data, in a time where both citizens and policymakers in parts of the world
are facing the problem of too much information rather than too little. According to the
Independent Expert Advisory Group on a Data Revolution for Sustainable Development
(IEAGDRSG) (2014), here are rapid technological advancements that lend themselves to
innovations in this field, but there is also a lack of higher level coordination and
mobilization of the collected data, leading to multiplicity, inefficient use of resources

and issues in securing sustainable funding (IEAGDRSG, 2014).
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lll. Analytical Framework

Given the lack of literature available, this paper has designed an Analytical Framework
to establish what would make a tool effective in measuring perceptions, drawing from
established survey methodology guidelines, preliminary research and expert
consultations. Groves et al. (2011) have mentioned three criteria that all data
measurement tools should meet: is the right thing being asked, do the respondents
understand the questions being asked and can they (as well as the interviewers)
complete the questionnaire easily. Building on these standards, they specify certain
guidelines to measure people's attitudes that can be applied in the context of

Perceptions Data Measurement. These include:

- Specifying the perception object being measured clearly in the question;

- Measuring the strength of this perception by providing multiple options if needed;

- Using closed questions to ensure comparison of data, preferably with five to
seven point scales, with each point being clearly labelled;

- Avoiding double-barreled questions, leading questions and alternatives that
would influence the answers of the respondents; and

- Collecting data on the same questions over different periods of time in order to

measure change in perceptions (Groves et al., 2011).

These guidelines, however, were created keeping in mind traditional data collection

methods like long-form surveys as opposed to U-Report’s SMS and instant messaging
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platform. To further provide for technological advancements like Real Time Monitoring
(RTM), this paper uses additional preliminary research. Chai and Cummins (2014)
highlight the role RTM can play in linking data collection to a relevant and timely
response mechanism as well as in increasing the frequency of measurement (Chai &
Cummins, 2014). Building on this theme of timeliness, Rodriguez Takeuchi et al. (2015)
emphasize the importance of maintaining the reliability of the perceptions being
gathered so as to draw comparisons across time, countries and different groups of

people within those countries (Rodriguez Takeuchi et al., 2015).

This knowledge base helped formulate a first iteration of the Analytical Framework
which was subsequently revised based on consultations with academics and
development practitioners. The final version then defines four key standards to
determine what an effective measurement of perceptions would be, as mentioned in
Figure 1. A brief outline of the rationale for the inclusion of each element is mentioned

below (see Appendix 2 for more details).

While the cost of utilising these tools to measure perceptions is clearly an important
consideration, practitioners interviewed by the research team were unwilling to publicly
reveal the costs of data collection. They have, however, given general guidance in
confidence. It is understood that the scale of costs savings is often similar to that of
WFP’s mVAM. It should be noted that mVAM does not rely on a single platform, and as
such the economies of scale may be smaller than could be achieved for a tool such as

U-Report, particularly as it is now an established platform.
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Representation Timeliness
How are relevant populations How quickly can the data be
covered? collected and analysed?
Measurement Credibility
How can research standards be Can the data collected by used
used for robust data collection? to make policy decisions?

Figure 1: Analytical Framework to evaluate the measurement of perceptions

lll.a. Representation

Most survey literature identifies representation as a central factor for judging the
effectiveness of a tool (ESOMAR/WAPOR 2014, Link et al., 2014). In this Analytical
Framework, the Representation standard captures whether a tool measuring
perceptions covers all the populations relevant to its focus area of data collection, has a
robust sampling frame and design and provides the metadata needed to evaluate its
coverage (Groves et al, 2011). As discussed by Rodriguez Takeuchi et al. (2015),
capturing, measuring perceptions for the SDGs is helped by identifying the views of

specific groups in a timely fashion (Rodriguez Takeuchi et al., 2015).

lIl.b. Timeliness

As outlined in the Literature Review, the lack of timeliness of the data available to

measure SDGs in a nhumber of countries is a key challenge, with data in the monitoring
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report up to four years old (Rodriguez Takeuchi et al., 2015). New technologies for
measuring Perceptions Data can potentially address part of this gap in understanding
and provide initial indications of the success of government, donor and lender
interventions. Timeliness here is therefore the ability of a tool to quickly collect and
analyse data to generate usable results. Firstly, this includes the frequency of data
collection and the time spent on processing the results. Chai and Cummins (2014)
highlight how RTMs aid in better targeting policy interventions, speeding up local
service delivery, strengthening planning for crises due to a tighter cycle between data
collection and the reporting of results as well as building response capability (Chai &
Cummins, 2014). Secondly, there is a focus on the continuity afforded by tools with
Groves et al. (2009) pointing to the importance of asking the same questions to
particular population groups so that more robust comparisons can be made across

time (Groves et al., 2009).

lll.c. Measurement

The third key standard in the Analytical Framework is Measurement, which evaluates for
potential recall biases (the ability of people to effectively remember past perceptions or
feelings), social desirability biases (whether the question invites an individual to admit
to illegal behaviour or criticise the government), framing effects (does the question lead
the respondent to a particular answer?), and whether the respondent is a proxy (i.e. are
they asked to answer questions about other people’s behaviour?). If any of these

measurement issues are found then they need to be kept in mind by any policy maker
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seeking to use the collected Perceptions Data (Rodriguez Takeuchi et al., 2015).
Additionally, drawing from the guidelines laid out by Groves et al. (2009), the framework
evaluates the wording of the questions (whether a single object is being measured and
is state clearly) and whether the strength of the perception is being measured (using
closed questions and labelled scales) to ensure the data collected is robust and

comparable.

lll.d. Credibility

Credibility becomes a key evaluation criteria given the focus on using Perceptions Data
on maximising country progress towards the SDGs. Peixoto and Fox (2016) highlight
the importance of the institutional and technical design of the tools so that citizen
concerns and the relevant government service providers can be identified precisely.
Therefore, a tool that effectively routes citizen perceptions to the relevant providers
within governments will ensure a stronger uptake of feedback. Also, publically
disclosing the given feedback will demand a higher accountability from countries when
it comes to implementation (Peixoto & Fox, 2016). Based on this, the Analytical
Framework gauges the country context provided by the tools that measure perceptions

and the easy availability of the results for decision-makers.

To summarize, this Analytical Framework has been designed to cover how effectively
are perceptions being measured by current tools, not only from the theoretical and
research-based aspect of robust Representation and Measurement but also to include

the practical applicability of the results and its demonstration of Timeliness and
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Credibility. The next section defines our methodology of applying this framework to key
existing tools so that interesting practices and recommendations can be drawn out to

improve further usage of Perceptions Data in meeting the SDGs.
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IV. Research Methodology

While the Analytical Framework lays out a theoretical understanding of what the
effective measurement of perceptions would look like, to analyze current tools for their
effectiveness and ability to contribute to the monitoring of SDG progress, a modified
Process Benchmarking has been adopted. The RAND Corporation defines
Benchmarking as a method to compare performance or processes across
organisations, policies or systems with the aim of generating ideas of what
improvements can be made, which complements the aims of this paper (Ling & Villalba
van Dijk, 2009). Process Benchmarking is a multi-stage process involving defining what
is to be benchmarked, identifying the participants to be benchmarked, gathering data,
analysing it to generate recommendations, executing these plans and finally monitoring
their impact on outcomes. For this paper the focus will be on conducting the
Benchmarking study up until the laying out of recommendations and an implementation
plan. The actual execution of the changes suggested and its subsequent monitoring is
not possible given limited resources and time. However, the hope is that the findings
from this paper will be used to inform key changes in the measurement of perceptions
to increase the efficiency of monitoring progress towards the SDGs. The method of
conducting the Process Benchmarking have been adapted to create a three stage

methodology for this paper discussed below:
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IV. a. Stage I- Identifying tool that measure perceptions and collecting data

For tools to be considered in this paper, they would need to meet certain inclusion
criteria that would ensure the generation of relevant data to evaluate using the

Analytical Framework. These criteria are that the tool:

- Has some questions that currently measure perceptions;

- Measures people’s perceptions on the target Indicators for this paper;

- Has results available, disaggregated by key demographic factors; and

- Has publically accessible research methods, questionnaires and results

databases.

Given the emerging nature of the term ‘Perceptions Data’ and the lack of literature
around its effective measurement, the list of tools to consider was built by initially
conducting a keyword search on a variety of search engines. This was narrowed down
based on the inclusion criteria established above, expert consultations and literature
reviews. Finally, tools only covering single countries were excluded to ensure the
applicability of any findings across contexts. An exception was made for U-Report,
where three separate country tools were considered to make-up for the national identity
of this tool. Specifically, Nigeria and Uganda were considered because they have been
in existence for the longest and have the largest user base. Myanmar was considered to
represent U-Report’s presence in a different cultural context in Asia and since it is the
most recently launched tool with usable data available. It has also relied on Facebook

instead of SMS, and therefore provides an interesting alternate use case. This led to the
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identification of the following tools that measure Perceptions (further details of these

tools can be found in Appendix 3).

Latinobarometer

Attitudes Survey

Gallup World Poll World Values European Social
Survey Survey
WFP mobile
PEW Global Vulnerability

Analysis and
Mapping (mVAM)

U-Report Nigeria

U-Report Uganda

U-Report

Myanmar

Figure 2: List of Tools evaluated using the Analytical Framework

Once the tools were identified, a majority of the relevant data for evaluation was
collected from the webpages of these tools, with individual interviews with the relevant
managers added if necessary, to fill the knowledge gaps. Due to the technical criteria
included in the Measurement Standard, this process was further built upon with the

following steps:

- As a research team, each criteria under the Measurement Standard was clearly
defined based on standard survey methodology guidelines with example
questions generated that met and didn’t meet the criteria;

- Each researcher owned the data collection for three tools and double-checked

the data for three others;
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- Researcher | identified questions in the tool that measured people’s perceptions
based on the definition outlined above and linked them to the relevant SDG goal,
target or indicator,;

- Researcher | then identified the measurement characteristics of each question
based on evaluation criteria laid down in the Analytical Framework. Subsequently
the results were averaged out to generate one data point for each criteria under
the Measurement Standard; and

- Finally Researcher Il double-checked the interpretation of the question’s
characteristics to identify any possible deviations from the criteria definitions

agreed upon. Any difference in opinion were addressed by Researcher .

IV. b. Stage II: Evaluating the data and applying the findings

Once the relevant data was collected, key differences and similarities between the
various tools were identified. This was done by evaluating each tool against the criteria
of the Framework to identify strengths and deficiencies that exist in their current way of
operating, that may aid or hamper the collection of Perceptions Data for the SDGs
(further details of the method of evaluation and actual results are found in Appendices

4-7). These findings are elaborated on in Section V of this report.

IV.c. Stage lll: Generating recommendations

Finally, the findings were used to suggest changes that could be made to existing tools

measuring perceptions (especially the U-Reports), to make them more effective in
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monitoring SDG progress. Three key recommendations were generated which include
implementation plans that not only overcome current gaps in the monitoring process
but also make the field of perceptions measurement more effective. These

recommendations are elaborated on in Section VI of this report.
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V. Findings and Analysis

The data collected on the four standards of the Analytical Framework was firstly used
to identify similarities and differences between the tools measuring perceptions and
factors contributing to these differences. This analysis interestingly identified four key
findings: firstly, two typologies of tools can be identified showcasing the trade-off
between the Representation and Timeliness Standards; secondly, while tools designed
for representation were more direct and controlled in their measurement of perceptions,
biases still remained across both typologies; thirdly, information on the questions and
tool methodologies was generally open though both the U-Reports and Gallup were
more complex to access; this is slightly unfortunate as our fourth finding is that these
four tools have covered the most applicable SDG content in their perceptions

measurements.

V.a. Finding I: The two typologies of tools measuring perceptions

Analysis of the nine tools leads to the identification of two types; the first, (the World
Values Survey (WVS), European Social Survey (ESS), Gallup World Poll (GWP), Global
Attitudes Survey (GAS) and Latinobarometer) focusses more on representation whereas
the second type (the three U-Reports and mVAM), has timeliness as its strength. As
outlined in the Analytical Framework both of these are key for gathering perceptions but

amongst the tools surveyed, achieving both has been a challenge for the following
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reasons (see Appendix 5 for detailed breakdown of the evaluation on the

Representation and Timeliness Standards).

Considering the tools with timeliness as their strength, they are able to issue multiple
polls with results shown within 24 hours, and often in real time. Unlike the
representation heavy surveys, the same populations can be surveyed (although the
same respondents are not guaranteed). Perceptions in the case of U-Report are ongoing
and easily updated. Opinions of U-Reporters can be gathered when they are needed
almost without delay. This comes with a cost in representation, both nationally and to a
certain extent, in terms of populations targeted by SDGs. While additional information
does allow for some representation (location for example), U-Report currently relies on
respondents to self-select, be literate and have access to a phone to provide such fast
responses. Even in Nigeria where only 11% of the population do not own a phone, this
could leave out groups most in need of the target SDGs (e.g. the 40% of the population
that cannot read) (Pew Global, 2015; CIA World Factbook, 2016). Aggregation,
according to interviews with U-Report staff is possible, but based on voluntary
information that is sometimes left blank. U-Report Myanmar relies on Messenger but in
our tests did not seem to verify the respondent’s answers concerning their identity, with
the Facebook profile. Therefore the U-Report model works for its current purpose of
information dissemination and creating youth influencers but may lead to roadblocks

when it comes to monitoring progress towards the SDGs.

For the tools with representation as their strength, achieving this hinges on

responsiveness and aggregation. This currently comes at the cost of timeliness and
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may still fail to cover vulnerable groups. Tools that scored high on representation did so
partially through large sample size requirements. WVS for example requires at least
1,000 respondents in each country surveyed while the ESS sets this at 1,500 for all
countries with populations above 2 million. Gallup, WVS, and the ESS all rely on
randomized selections of longstanding widespread registries (household registries). To
date, guaranteeing such large quotas of respondents has meant that these
representational tools have preferred face-to-face interviews, using telephones only
where there are nationally representative lists of phone numbers. Gallup, for example,
requires 80% coverage by such a list. While conducting telephone and computer
assisted face-to-face interviews (CAPI) gives control and access to those who cannot
read or do not have access to cell phones, they require the ownership of a phone and a
stationary address. In all of these, the costs of not just time, but also money were much

larger than those of U-Report.

Timeliness of the more representative tools was also much more limited with the most
rapid turnaround between data intake and published results being Latinobarometer
which (unofficially) takes seven months. GWP is conducted the most often out of these
tools, but this is at most semi-annually and varies from country to country. Question
formation in most cases takes time as well. ESS for example takes 20 months to form

and test questions to ensure cross-country compatability.

In short, none of the tools analysed are ideal both in representation and timeliness.
Quickly generating questions about perceptions and gathering responses is low cost

but creates a selection bias and limits whose perceptions are being gather. Ensuring
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representational responsiveness that bypasses problems of literacy with standardized

tested questions takes time.

V.b. Finding II: Open anonymity and controlled precision in measurement

Our findings show that there are also no existing tools that exclusively use ideal
perceptions questions though weaknesses and strengths vary across the tools (see
Appendix 6 for detailed breakdown of the evaluation on the Measurement Standard).
The quality of these questions in terms of their ability to limit biases varied. None of the
tools measured suffered heavily from recall biases, and the variance did not correlate
with the divide between timeliness and representation. The ESS and Latinobarometer
had the largest proportion of questions potentially biased by recall at around 18% of
questions asking about past feelings (ESS) and 11% (Latinobarometer) asking about
past perceptions. U-Report Nigeria stands out for having none despite asking the largest

number of perception questions.

Perceptions questions that evoked a social desirability bias were more frequent
especially in discussing the workings of the government, with 59% of Pew’s questions
utilizing this content. While the literature suggests that such questions create a bias,
this needs to be considered in context with the anonymity provided by the tool. Pew
uses face-to-face interviews to collect surveys which forces people to admit to another
person negative perceptions of their government. Actual measurement of the bias this
creates is beyond the scope of this evaluation, nonetheless, a high proportion of

perceptions questions about government activity may be less desirable without
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anonymity. Discussing illegal activity is similarly dependent on this context. With the
exception of Pew which stands out for having no such questions, between a third (WVS
and U-Report Uganda) and a fifth of questions (ESS and U-Report Nigeria) in the tools
were about activities which may be illegal in the countries surveyed. While the WVS
uses terms like ‘justified’ to discuss illegal activities (for example, parents beating
children) in person, none of U-report Uganda’s questions implied the respondent was
undertaking illegal activity. The fact that the latter is anonymous also means that the

social desirability bias here is much less likely to be a problem (Groves et al., 2009).

Leading questions, on the other hand, were more common in the timely tools with
Gallup being the exception (at 22% of questions being leading). U-Report Uganda, for
instance, had more leading perceptions questions than not (66%), in large part due to
the tool's dual role as both an information gathering and delivery tool. A typical U-Report
Uganda leading question delivers news before asking a related question (e.g. “It's
important dat a pregnant women go 2 da 1st antenatal care (ANC) visit 2 learn abt
danger signs but only 32% go. Why don't more women go 2 da 1st ANC visit?”). While
this may increase responsiveness, a cursory analysis found no significant correlation in
this tool between the two factors. This calls into question whether the potential framing

bias should be reduced when measuring perceptions to monitor SDG progress.

Perceptions questions about other people’s perceptions (for example, the Gallup

question, “do all members of your household get enough food everyday?®) were between

3 Others in that household might not agree that they get enough food everyday. See the
Analytical Framework for more details.
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a tenth and a quarter of questions for most tools, with the exception of ESS and Pew
which had none. The U-Reports tended to have the highest proportion (Uganda had a
ratio of 26% while Myanmar and Nigeria both had 16%). The more representational tools
had slightly lower proportions (only 7% of Gallup’s questions had this type of

measurement issue) suggesting that this may be according to typology.

Clearly stating the perceptions object in the question, on the other hand, is necessary in
perceptions. In all tools, the majority of questions did this, though U-Report Uganda and
Latinobarometer having the lowest ratio with 28% and 25% of their questions featuring
questions in which the object could be confused. The question “U-report: How can
businesses invest, to enable U to become the best employee/most productive u can ever
get? We will share ur replies with the business sector,” for instance, does not require the
respondent to say whether his answer is reflecting either investments towards being the
best employee (“best” is also undefined) or most productive. Here there was no clear
divide between the timely and representational tools with no tool completely avoiding

this type of question (though U-Report Myanmar did have the lowest proportion at 5%).

In terms of response collection, almost all questions in the representational tools were
closed (WVS and Gallup, only used closed questions while 90% or more were closed in
ESS, Pew and Latinobarometer). With the exception of Gallup, the strength of the
perceptions were also usually measured in the more representational tools (in Gallup
only 35% did so). For timely tool questions there were more open questions (20% in
U-Report Nigeria and 60% in Uganda and Myanmar). Unsurprisingly, direct measurement

of perceptions strength (for example in the Gallup question “In your opinion, how serious
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is the problem of air pollution where you live - very serious, somewhat serious, not very
serious, not serious or not at all serious?”) was also less frequent. Timely tools tended to
favor either keyword measurement (U-Report Uganda and Myanmar) or labelled, but
non-scaled options (e.g. “why do you think people practice open defecation?”; “people
do not care, people have to wait too long on a qu, the latrines or toilets are dirty and,
people have no latrines or toilets”) in the case of U-Report Nigeria. This divide in the
measurement of the strength of perceptions ties into the fact that more
representational tools labelled their scaled strength questions (95% of Pew’s for
example) in comparison to U-Reports who labelled in around one third of cases
(U-Report Nigeria), or less than one in 20 (U-Report Myanmar and Uganda). This is
potentially due to the constraints of SMS technology, where listing a detailed scale can

add to the length of the message significantly.

In sum most tools had some issues with recall bias with Social desirability bias also
prevalent, though theoretically less of a problem in the U-Reports due to their reliance
on anonymous SMS communication. On the other hand, leading questions and unclear
objects were more frequent for these more timely tools, calling for certain adjustments
to be made before perceptions towards monitoring SDG progress can be measured

effectively.

V.c. Finding lll: Accessibility of Data

Although our criteria for inclusion of a tool was that it had accessible data, levels of

accessibility was not uniform with none of the tools explicitly dividing subjective from

38



objective questions. In the case of U-Report, questions are not searchable by time and
are sometimes difficult to find within a flow, or set of questions. U-Report Nigeria does
have a filter for SDGs, however, it currently does not return any previous polls. In the
case of Gallup, question lists are released but the results are only accessible after
payment. In contrast the ESS releases all results and questionnaires (with answers) in
multiple formats for public download, though as noted before, this is done every two

years.

What stands out then is that the tools were all relatively accessible in how they gathered
perceptions (see “Finding I” and Appendix 7 for a detailed analysis on the Credibility
Standard). Questionnaires were adapted linguistically and culturally with issues arising
instead in terms of accessibility to results and no ideal tool practice emerging (though
ESS’s multiple data formats does provide a standard in terms of downloadable data). A
key strength that stands out here for the U-Reports is their ability to make results
actively accessible to key decisions makers. This means that not only are the results of
their polls published online (within a day of the answers being collected) but are also
actively fed back to key CSOs and Government authorities via the advocacy efforts of
UNICEF. This results in timely action being taken on issues of importance as is
highlighted by a key success story from U-Report Nigeria as gathered from an interview
with the country representative. A poll on the importance of providing cheap
Ready-to-use Therapeutic Food (RUTF) to solve child malnutrition was run in June 2016

with the results being used by UNICEF to appeal to the wife of the President. The
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campaign successfully led to the Government allocating spending for RUTF within the

2017 Nigerian Budget for the first time.

V.d. Finding IV: Four standouts for SDG coverage

Finally, the most applicable measurement tools in terms of perceptions questions
related to SDGs were the U-Reports and Gallup World Poll. U-Reports Uganda and
Nigeria stand out in terms of having the widest coverage of SDGs (four were focussed
on, see Appendix 8 for a detailed mapping of tools to the SDGs covered - each number
represents the number of questions considered). This is perhaps not surprising given
their volume of perceptions questions, though it is worth mentioning that Gallup also
focussed on four goals. U-Report Uganda tended to be less precise - more questions
related to goals rather than to specific targets or indicators. U-Reports Nigeria and
Myanmar and Gallup, by contrast, asked more questions related to specific indicators
(roughly a fifth in the case of U-Report Nigeria and over a quarter in the case of U-Report
Myanmar and Gallup). Note that this does not mean other tools could not adjust their
questionnaire content more towards SDGs in the future. This finding is relevant in that it
gives a picture of what perceptions tools are available right now in terms of content to

cover the selected SDGs.
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VI. Recommendations

Building on the Findings above, the recommendations answer the second part of the
research question: How can these tools for measuring perceptions - especially U-Report

- be used to enhance the measuring and reporting of SDG progress?

Vl.a. Confronting the trade-off between timeliness and representation

Currently none of the tools studied in the paper have been used for measurement of
SDGs, with only WVS expressing a public desire to adapt to this purpose. The key
question for all of these tools is essentially, can the underlying technology or approach
be used to contribute to measurement in a manner that is useful? While there are a
number of tools that have developed and continue to refine their approach in line with
academic standards to ensure that they provide robust and valid information, some of
them can be rolled out as irregularly as once every five years, and there can be years in
between data collection and publication of results. The usefulness of the data so
generated is clearly diminished through this lack of timeliness which is exacerbated by

the potential for volatility in the data.

On the other hand, new ‘pulse’ style tools enable extremely rapid data collection and
dissemination but are potentially subject to a greater number of biases as outlined
above. These biases limit the usefulness of the data as they could lead to invalid yet
influential generalizations forming in the long run, as referred to in Section Il. However,

new technologies allow more than just advantages in timely data, they could also
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enable the greater measurement of vulnerable populations, who often live without
infrastructure connectivity, or surrounded by conflict, and where data collection through
traditional means is often time consuming, expensive, and potentially puts the

enumerators at personal risk (Morrow et al., 2016).

How then to ensure that the pros and cons of each approach can be appropriately
weighed? In particular, what role can these ‘pulse’ tools play in this measurement
system, given the reliance to date on traditional measurement methods to gather
Perceptions Data? One potential approach, which has been utilised by the World Food
Programme with mVAM, is to examine the validity of new survey tools through adopting
a mixed methods approach, combining SMS (or other technology based) short form

surveys.

UNICEF should consider how the Multi Indicator Cluster Survey (MICS) could be
integrated with U-Report (at least in the timing and alignment of some questions) in
some countries in order to examine the validity of the sampling frame and understand
the biases present. Given that MICS is currently under review to see how it can better
report on some of the Tier lll indicators, an opportunity exists to see how this could be
effectively achieved. This could alleviate much of the requirements of undertaking a

baseline survey outlined in Section Il.b.

Furthermore, these emerging technologies enable significant advantages in cost and
flexibility. Where partnerships exist, and sufficient privacy protections are in place, then

UNICEF should also consider how a representative sample could be built from existing
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U-Reporters, and supplemented where needed, building off the case studies outlined by
Bamberger et al. (2016) in Section Il.c. Where representativeness continues to be
difficult to achieve, the distribution of mobile phones to target populations is something
else that could be considered to improve responses, although this is likely to have an
additional cost. UNICEF is already proceeding with a trial in Italy in providing mobile
phones directly to new refugees in order to use the U-Report platform to best track the
needs of this vulnerable group. Lessons from this trial and those of mVAM and the
World Bank should be incorporated into doing this effectively, and it will likely vary
substantially by the context of the target group and specific country. Additionally,
UNICEF should consider how U-Report can integrate audio, voice, or IVR into the tool to

reach those who may not have sufficient literacy to engage otherwise (Leo et al., 2015).

Finally U-Report has a large base of U-Reporters in some countries, with more than 2
million on the platform in Nigeria for example but response rates and engagement can
vary widely. Feedback from interviews with U-Report managers in different countries
suggested various reasons for non-response, including: interest in the topic (often
influenced by what is topical in local news); understanding of what the information is
being used for; and the relationship developed with the U-Reporter through previous
information provision or hearing their views. These elements need to be kept in mind
when attempting to measure SDGs as they could induce further bias in the sample. As
U-Report continues to grow attrition only appears to be a problem in so far as it
promotes bias. Continuing to ensure that U-Report is easy to use, and relevant to local

populations will help reduce the psychological costs that lead to lower response rates,
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and should keep individuals engaged with the platform. In more mature markets where
U-Report has been operating for a number of years a more in depth analysis should be
taken of its user base to see if there is any consistent profile of those who cease to use

the platform, or only engage sparingly (Dabalen et al., 2016).

VI.b. Framework for effective question design

A key aspect of this paper is the application of the Analytical Framework developed to
ensure that the questions utilised to gauge people’s perceptions are well designed and
that the gathered information is as useful as possible. Building on the findings in
Section V, the key recommendations when seeking to design perceptions measurement

questions are summarised below.

Perceptions object: What the question is asking needs to be clearly defined. If the
question is not clear, or if it is double barrelled then it is likely to be difficult to

effectively interpret the output to the question, reducing its utility.

Example question to consider: “In your opinion, how serious is the problem of air pollution
where you live - very serious, somewhat serious, not very serious, not serious or not at all

serious?”

Example question to avoid: “U-report: How can businesses invest, to enable U to become
the best employee/most productive u can ever get? We will share ur replies with the

business sector”
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Social desirability bias: While it is sometimes impossible to avoid asking questions that
relate directly to the working of the government, social taboos, or illegal behaviour, as
that is the topic that is of interest, asking individuals to admit behaviour or perceptions
that may have social repercussions should be avoided where possible. This is one
potential advantage of computer or mobile device assisted methodologies as they don't
require the admission of such behaviour to another human being. When this is the topic

of interest, questions should be carefully crafted.

Example question to consider: “Thanks sharing, final question 2 u as a woman: What is
the biggest issue u face during your periods? Ur answer is anonymous & free across all

networks”

Example question to avoid: “Please tell me for each of the following actions whether you
think it can always be justified, never be justified, or something in between, using this

card. For a man to beat his wife”

Leading questions: This was particularly an issue with the shorter form new technology
surveys where quick background information was often provided prior to asking
questions. With many of the example questions that were found as part of the research
for this paper, this is likely to significantly bias the responses. It is possible that this
information increases responses, but if response rates are a potential issue for these

questions, then different types should be tested first with different sub-populations.
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Example question to consider: “Hello U-Reporter, do you think Polio is still a health

problem in Nigeria?”

Example question to avoid: “It's important dat a pregnant women go 2 da 1st antenatal
care (ANC) visit 2 learn abt danger signs but only 32% go. Why don't more women go 2 da

1st ANC visit?”

Recall bias: This wasn't found to be a significant problem across the tools studied,
however it is still important to note that generally people have a number of biases when

trying to call past events, including over-weighting recent events, and priming.

Example question to consider: “Would you say you are very satisfied (1), fairly satisfied
(2), not very satisfied (3), or not satisfied at all (4) with public hospitals or don’t you have

those services where you live (5)?” (Latinobarometer)

Example question to avoid: “Do you agree or disagree that this country has never enjoyed

more social and political peace before?” (Gallup)

Vl.c. Ensure tools contribute to enhancing monitoring of SDG progress

Despite the strengths of tools outlined earlier in this paper, they are not likely to replace
traditional data gathering and measurement, and nor should they seek to do. These
strengths ensure that they do have the potential to make a useful contribution to the
broader measurement ecosystem. Firstly, many of the older tools examined in this
paper have the data broadly available in a number of different formats for use of

partners, CSOs, NGOs, public agencies and others. While U-Report should be
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commended for the transparency of its data, with the results of all polls publicly
available on the internet, it is not easy for researchers or others to aggregate those
results, compare similar questions across different countries, or track the responses to
similar questions over time. Therefore, some consideration should be given to setting it
up in a way that makes it easy for the data to be interrogated, while maintaining privacy

for individuals on the platform.

Furthermore, when seeking to utilise U-Report to measure SDGs some thought should
be given to the creation of a portal for the range of data collected. New technologies,
including sentiment analysis and big data, can be used in powerful ways to build a
detailed understanding of progress at both a national and global level. The creation of
an online open data portal that brings together all the data accessible to an agency such
as UNICEF, ideally with some consistency applied to the formatting, would enable other

organisations to use the data with significantly greater ease.

Finally, as UNICEF works with the IAEG to further develop the framework for global
measurement of the SDGs it should consider how the input from Perceptions Data can
be effectively paired with other forms of traditional data collected to form new
indicators and indices. Bamberger et al. (2016) argue that greater use of ICT in
evaluations of progress can lead to the oversimplification of complex constructs, and
tools enable a greater focus on qualitative components to provide a richer story, and the
temptation to reduce information to a single indicator should be resisted. An example of
how Perceptions Data has been incorporated with traditional data gathering and other

surveys is that of the CIVICUS Monitor. This tool integrates a range of different volatile
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data sources and includes Perceptions Data, expert opinion, sentiment analysis,
amongst other indicators to build a rating and a deeper understanding of the state of
civic space in a particular country. Building something similar around key SDG
indicators that UNICEF is custodian of, is beyond the scope of this paper, but is
something that should be examined going forward. This would also enable this richer
story to be more accessible to those seeking to understand progress on a target, goal,

or indicator.
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VII. Conclusion

This paper has attempted to understand how the lessons from the emerging field of
Perceptions Data and measurement could be understood and applied towards effective
measurement of the SDGs. A key conclusion is that this can be done, with the
recommendations focussed on practical steps to ensure that the underlying principles
and technology are applied in an effective manner. These recommendations can be

summarised in the following three points:

- Confronting the trade-off between timeliness and representation;
- A framework for effective question design; and

- Ensuring that tools contribute to enhancing the monitoring of SDG progress.

While Perceptions Data was used in the design of the 2030 Agenda for Sustainable
Development, there was no tool identified that is currently seeking to utilise Perceptions
Data to measure these SDGs, although the World Value Survey are planning to
incorporate these goals into their next Wave. This is despite the emergence of a range
of different tools in recent years. In total nine tools were identified that have asked
perceptions questions related to the SDG goals, indicators and targets that target youth.
Based on the literature an Analytical Framework was developed, through which these
questions and the tools themselves were evaluated. This detailed understanding of the
status quo was then used to examine which of the underlying principles and

approaches utilised by these tools could be effectively applied to SDG measurement

49



and reporting, so that these tools, with a particular focus on U-Report could be adapted

to this purpose.

A key finding of the analysis is that there are two typologies of tools, with traditional
long form survey instruments with representativeness as their strength being
supplemented by the emergence of ‘pulse’ style tools that utilise new technology to
reach large numbers of people, with the ability to scale and adapt rapidly. This leads to
the first major recommendation of the report, confronting the trade-off between
representation and timeliness. This includes greater use of mixed methodology
approaches combining existing tools with new techniques to examine for biases,
working with partners to build and test representative sample frames, and utilising

clever design to address literacy, non-responses and attrition within the sampling frame.

In building an Analytical Framework capable of assessing what makes an effective tool,
a significant number of questions were analysed, providing clear examples and a
framework for how to gather perceptions on youth related targets and indicators. This
framework is designed to help practitioners confront framing and recall effects, social
desirability and recall biases, and other potential pitfalls of question development and

design.

Finally, these tools are unlikely to replace existing measurement strategies and
techniques, and nor should they. As outlined throughout the paper these tools have a
number of strengths that can contribute to the existing measurement ecosystem. This

involves bringing data collected into a single, easy to access open data portal, and
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examining how different data sets can be effectively combined to build deeper

understanding of the complex constructs that are the focus of the Agenda for

Sustainable Development.
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Appendices

Appendix 1: List of SDG indicators targeting youth, that considered in this paper

*The indicators for which UNICEF is the sole or joint custodian of are highlighted in gray.

malaria and neglected tropical diseases and combat
hepatitis, water-borne

population (by age, sex, and key populations)

Target Indicator Proposed
Tier
1.2 By 2030, reduce at least by half the proportion of men, [1.2.1 Proportion of population living Tier 1
women and children of all ages living in poverty in all its below the national poverty line, by sex and age
dimensions according to national definitions
[1.2.2 Proportion of men, women and children of all ages living  [Tier 2
n poverty in all its dimensions according to national
definitions
1.3 Implement nationally appropriate social protection 1.3.1 Percentage of the population covered by social protection [Tier 2
bsystems and measures for all, including floors, and by floors/systems disaggregated by sex, and distinguishing
2030 achieve substantial coverage of the poor and the children, unemployed, old age, people with disabilities, pregnant
ulnerable. women/newborns, work injury victims, poor and vulnerable
1.5 By 2030, build the resilience of the poor and those in Number of deaths, missing people, injured, relocated or Tier 2
ulnerable situations and reduce their exposure and evacuated due to disasters per 100,000 people.
ulnerability to climate-related extreme events and other
economic, social and environmental shocks and
disasters.
P.2 By 2030, end all forms of malnutrition, including P.2.1 Prevalence of stunting (height for age <-2 SD from the Tier 1
achieving, by 2025, the internationally agreed targets on median of the WHO Child Growth Standards) among children
istunting and wasting in children under 5 years of age, and punder five years of age
address the nutritional needs of adolescent girls, pregnant
and lactating women and older persons P.2.2 Prevalence of malnutrition (weight for height >+2 or <-2 Tier 1
SD from the median of the WHO Child Growth Standards)
among children under five, disaggregated by type (wasting and
pverweight)
3.1 By 2030, reduce the global maternal mortality ratio to  B.1.1 Maternal deaths per 100,000 live births Tier 2
ess than 70 per 100,000 live births
B.1.2 Proportion of births attended by skilled health personnel  [Tier 1
B.2 By 2030, end preventable deaths of newborns and B.2.1 Under-five mortality rate (deaths per 1,000 live births) Tier 1
children under 5 years of age, with all countries aiming to
reduce neonatal mortality to at least as low as 12 per B.2.2 Neonatal mortality rate (deaths per 1,000 live births) Tier 1
1,000 live births and under-5 mortality to at least as low as
P5 per 1,000 live births
3.3 By 2030, end the epidemics of AIDS, tuberculosis, B.3.1 Number of new HIV infections per 1,000 uninfected Tier 1
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forced marriage and female genital mutilation

B union before age 15 and before age 18

B.3.3 Malaria incident cases per 1,000 persons per year Tier 1
3.7 By 2030, ensure universal access to sexual and B.7.1 Percentage of women of reproductive age (15-49 years)  [Tier 1
reproductive health-care services, including for family Who have their need for family planning satisfied with modern
planning, information and education, and the integration methods
pof reproductive health into national strategies and
programmes B.7.2 Adolescent birth rate (10-14; 15-19) per 1,000 women in Tier 1
that age group
3.8 Achieve universal health coverage, including financial .8.1 Coverage of tracer interventions (e.g. child full Tier 3
risk protection, access to quality essential health-care mmunization, ARV therapy, TB treatment, hypertension
services and access to safe, effective, quality and treatment, skilled attendant at birth, etc.)
affordable essential medicines and vaccines for all
3.9 By 2030, substantially reduce the number of deaths B.9.1 Mortality rate attributed to household and ambient air Tier 1
and illnesses from hazardous chemicals and air, water pollution
and soil pollution and contamination
1.1 By 2030, ensure that all girls and boys complete free,  §.1.1 Percentage of children/young people (i) in Grade 2/3, (i)  [Tier 2
equitable and quality primary and secondary education at the end of primary and (iii) at the end of lower secondary
eading to relevant and effective learning outcomes Achieving at least a minimum proficiency level in (a) reading
and (b) mathematics.
4.2 By 2030, ensure that all girls and boys have access to  |4.2.1 Percentage of children under 5 years of age who are Tier 2
quality early childhood development, care and pre-primary developmentally on track in health, learning and psychosocial
education so that they are ready for primary education well-being
K.2.2 Participation rate in organised learning (one year before Tier 1
the official primary entry age)
1.5 By 2030, eliminate gender disparities in education and §.5.1 Parity indices (female/male, urban/rural, bottom/top Tier 1/2/3
ensure equal access to all levels of education and wealth quintile and others such as disability status and depending
ocational training conflict-affected as data become available) for all indicators on bn
this list that can be disaggregated .
gareg ndices
1.a Build and upgrade education facilities that are child, U.a. Percentage of schools with access to (i) electricity; (ii) Tier 1/2
disability and gender sensitive and provide safe, nternet for pedagogical purposes (iii) computers for
hon-violent, inclusive and effective learning environments pedagogical purposes; (iv) adapted infrastructure and material
for all for students with disabilities; (v) basic drinking water and (vi)
basic single-sex sanitation facilities; and (vii) basic
handwashing facilities (as per the WASH indicator definitions)
5.2 Eliminate all forms of violence against all women and  |5.2.1 Proportion of ever-partnered women and girls aged 15 Tier 2
girls in the public and private spheres, including trafficking lyears and over subjected to physical, sexual or psychological
and sexual and other types of exploitation Vviolence by a current or former intimate partner, in the last 12
months, by form of violence and by age group
5.2.2 Proportion of women and girls aged 15 years and older Tier 2
subjected to sexual violence by persons other than an intimate
partner, in the last 12 months, by age group and place of
pccurrence
5.3 Eliminate all harmful practices, such as child, early and [5.3.1 Percentage of women aged 20-24 who were married orin  [Tjer 1
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registration

registered with a civil authority, disaggregated by age

5.3.2 Percentage of girls and women aged 15-49 years who Tier 1
have undergone FGM/C, by age group
6.1 By 2030, achieve universal and equitable access to b.1.1 Percentage of population using safely managed drinking  [Tier 1
safe and affordable drinking water for all Water services
6.2 By 2030, achieve access to adequate and equitable b6.2.1 Percentage of population using safely managed Tier 1
isanitation and hygiene for all and end open defecation, sanitation services including a hand washing facility with soap
paying special attention to the needs of women and girls  jand water
and those in vulnerable situations
7.1 By 2030, ensure universal access to affordable, 7.1.2 Percentage of population with primary reliance on clean  [Tier 1
reliable and modern energy services fuels and technology
B.7 Take immediate and effective measures to eradicate  B.7.1 Percentage and number of children aged 5-17 years Tier 1
forced labour, end modern slavery and human trafficking  [engaged in child labour, by sex and age group
and secure the prohibition and elimination of the worst
forms of child labour, including recruitment and use of
child soldiers, and by 2025 end child labour in all its forms
16.1 Significantly reduce all forms of violence and related [16.1.2 Conflict-related deaths per 100,000 population Tier 2/Tier
death rates everywhere disaggregated by age group, sex and cause) 3
6.2 End abuse, exploitation, trafficking and all forms of ~ [16.2.1 Percentage of children aged 1-17 years who experienced [Tier 1
iolence against and torture of children any physical punishment and/or psychological aggression by
caregivers in the past month
16.2.3 Percentage of young women and men aged 18-24 years [Tier 2
who experienced sexual violence by age 18
[16.9 By 2030, provide legal identity for all, including birth  [16.9.1 Percentage of children under 5 whose births have been  [Tjer 1
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Appendix 2: Analytical Framework used to evaluate Tools
The table below lists the categories for each standard, on which the MTs were evaluated. Each

category is broken down into descriptive questions to ensure comparable results after the

evaluation.
Standard Descriptive Indicators
Representation e Aggregation:
o Canrespondent data be disaggregated to determine user profile?
e Sampling Frame:
o What is the sampling frame?
e Sampling Design:
o Whatis the sampling design?
Timeliness e Collection Frequency:
o How often are the perceptions gathered?
e Comparability:
o For ongoing measurement, is the same population group surveyed?
o For ongoing measurement, are the same questions asked?
e Data Processing Time:
o What is the time lag between gathering data and processing
results?
Measurement e Lack of Recall Bias:
o How many questions evaluate past feelings?
o How many questions compare past perceptions with present?
e Lack of Social Desirability Bias:
o How many questions ask for an opinion on the working of the
government?
o How many questions ask for an opinion on an activity considered
illegal in the country?
e Lack of Framing effects:
o How many questions are leading?
o How many questions clearly state only one perception object?
e Lack of Proxy Effects:
o How many questions ask about other people’s behaviour?
e Strength of Response:
o How many questions are closed?
o How many questions utilize labelled scales to collect responses?
Credibility e Translation:
o Are questionnaires available in local languages?
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e Country Context:

o

For cross-national surveys, are country-specific questions included?

e Accessibility of Results:
How accessible are the results for key decision makers?

o

Appendix 3: Summary of Tools evaluated using Analytical Framework

This appendix provides an overview of all the MTs considered in this report along with their key

characteristics.

Name Code Ownership | Focus Questions | Data period | Mode of
type SDGs considered | considered | Collection
Gallup World Poll GSP Private 3.3,4,5, 72/326 2014-16 FTF +
16.1 Telephone
World Values WVS NGO 5 28/250 2010-14 FTF
Survey
Global Attitudes GAS NGO 1 61/731 2014-15 FTF +
Survey Telephone
European Social ESS NGO n.a 11/207 2014 FTF (CAPI)
Survey
Latino Barometer LatBaro | NGO 28/219 2015 Tele/CAPI
Mobile Vulnerability | m-VAM IGO 2 1/13 SMS
Analysis and
Monitoring
U-Report Nigeria U-Rep(N) [1GO 2.2,3,4, |198 2014-17 SMS
6,2
U-Report Uganda U-Rep(U) |I1GO 3,4,516 | 142/411 2014-17 SMS
U-Report Myanmar | U-Rep(M) | IGO 41/123 2016-17 Facebook
Messenger
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Appendix 4: Applying the Analytical Framework to the MTs

The following levels of symbols were used to denote the extent to which the MT demonstrated a
particular standard. Numeric scores or rankings were not assigned to these MTs for a few
reasons. Firstly the tools were not expressly designed for the purpose of measuring
perceptions. Secondly the data was collected by the tools before the SDGs were fully
formulated and none of the tools were expressly designed for the purpose of measuring
progress to SDGs. Thirdly, the context within which each of the tools operate is varied with
different purposes for their existence: from WVS which aims to provide scientific data on
people’s values to U-Report which is designed as an information dissemination and citizen
engagement platform. Hence, to give the MTs rankings on measuring Perceptions for SDG

monitoring would be an irrelevant exercise promising limited comparability.

v v/ v :Meets the ideal standard for the criteria
a4 : Has a few minor operational flaws
v : Most aspects of the criteria are unfulfilled

<blank>: Data is unavailable or information is completely absent
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Appendix 5: The Representation-Timeliness Trade-off

GWP |WVS |GAS |ESS |LatBaro |U-Rep(N) [ U-Rep (U) | U-Rep (M)
Aggregation Yy |\ VY Y S Y v &4 v
v v
Sampling YO\ |\ Y Y v v v
Frame v
Sampling v |\ |\ S v v v
Design v
Collection v v v v v a4 a4 a4
Frequency
Comparability (Vv |vVV |V V |VV |/ V/ Va4 a4 v/
Data v v a4 a4 a4
processing
time
Appendix 6: Evaluation of Tools for the Measurement Standard
GWP | WVS |GAS |ESS |LatBaro |U-Rep (N) | U-Rep (U) | U-Rep (M)
LackofRecall |vvV |vVV |VV |VV |VV/V/ v a4 a4
bias v v
Lack of Social | v vV |V V Yo/ a4 v a4
Desirability v
Bias
Lack of A A A A A A A R A a4 v a4
Framing v v v
Effects
Lackof Proxy |vV |VV |VV |V |V V/V/ Y Va4 Y
Effects v v v v
Strength of YO/ Y (VY |/ 4 v v
Response v v
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Appendix 7: Evaluating the Credibility of the Tools

GWP

WVS

GAS

ESS

LatBaro

U-Rep (N)

U-Rep (V)

U-Rep (M)

Translation

v/
v

a4
v

a4
v

a4

a4

a4

YV

a4

Country
context

v/

a4

a4

a4

a4

a4

a4

Accessibility
of Results

v

a4

v

a4

a4

a4

a4

Appendix 8: Mapping Tools to SDGs
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Appendix 8.a: Diversity of SDG-related perceptions questions asked

Area is proportional to the percentage of perception questions related to each goal, target or

indicator (see above chart for specific numerical values). Colors are variants of official SDG
colors.

Which Goal, Target, or Indicator (GTI)
Level

Number of perception questions related to this GTI
* indicates that Unicef is sole or joint custodian for this GTI

World Values Survey Question Map

Color Key

NO GOOD HEALTH QUALITY GENDER CLEANWATER DECENT WORK AND 16 PEACE, JUSTICE
POVERTY AND WELL-BEING EDUCATION EQUALITY AND SANITATION ECONOMIC GROWTH AND STRONG
.

INSTITUTIONS

fiist
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Gallup World Poll Question Map

Global Attitude Survey Question Map

SDG, level
M 1. NO POVERTY, Goal
W 1. NO POVERTY, Indi..
M 1.NO POVERTY, Tar..
2. ZERO HUNGER, Go..
M 2. ZERO HUNGER, In..
M 2. ZERO HUNGER, Ta..
M 3.GOOD HEALTHAN..
M 3.GOOD HEALTHAN..
M 3.GOOD HEALTHAN..
11 4.QUALITY EDUCATI...
M 4. QUALITY EDUCATI..
M 4.QUALITY EDUCATI..
W 5.GENDER EQUALIT..
M 5. GENDER EQUALIT..
M 5. GENDER EQUALIT..
11 6. CLEAN WATERAN..
M 6. CLEAN WATERAN..
M 6. CLEAN WATERAN..
7. AFFORDABLE AND..
1 7. AFFORDABLE AND..
[ 7. AFFORDABLE AND..
I 8. DECENT WORKAN..
I 8. DECENT WORKAN..
M 8. DECENT WORKAN..
M 16. PEACE, JUSTICE ..
M 16. PEACE, JUSTICE ..
W 16. PEACE, JUSTICE ..

SDG, Level
M 1.NO POVERTY, Goal
W 1. NOPOVERTY, Indi..
B 1.NO POVERTY, Tar..
2.ZERO HUNGER, Go..
M 2. ZERO HUNGER, In..
W 2. ZERO HUNGER, Ta..
M 3.GOOD HEALTHAN..
M 3.GOOD HEALTHAN..
M 3.GOOD HEALTHAN..
111 4.QUALITY EDUCATI...
M 4. QUALITY EDUCATI..
M 4.QUALITY EDUCATI...
M 5. GENDER EQUALIT..
M 5. GENDER EQUALIT..
M 5. GENDER EQUALIT..
171 6. CLEAN WATER AN..
M 6. CLEAN WATERAN..
M 6. CLEAN WATERAN..
7. AFFORDABLE AND..
Il 7. AFFORDABLE AND..
111 7. AFFORDABLE AND..
M 8. DECENT WORKAN..
M 8. DECENT WORKAN..
M 8. DECENT WORKAN..
M 16. PEACE, JUSTICE ..
W 16. PEACE, JUSTICE ..
W 16. PEACE, JUSTICE ..
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European Social Survey Question Map

LatinoBarometer Question Map

SDG, Level
M 1.NO POVERTY, Goal
W 1. NOPOVERTY, Indi..
B 1.NO POVERTY, Tar..
2.ZERO HUNGER, Go..
M 2. ZERO HUNGER, In..
M 2. ZERO HUNGER, Ta..
I 3.GOOD HEALTHAN..
M 3.GOOD HEALTHAN..
M 3.GOOD HEALTHAN..
11 4.QUALITY EDUCATI...
M 4.QUALITY EDUCATI..
M 4.QUALITY EDUCATI..
M 5. GENDER EQUALIT..
M 5. GENDER EQUALIT..
M 5. GENDER EQUALIT..
171 6. CLEAN WATER AN..
M 6. CLEAN WATERAN..
M 6. CLEAN WATERAN..
7. AFFORDABLE AND..
I 7. AFFORDABLE AND..
1% 7. AFFORDABLE AND..
I 8. DECENT WORKAN..
W 8. DECENT WORKAN..
M 8. DECENT WORKAN..
M 16. PEACE, JUSTICE ..
W 16. PEACE, JUSTICE ..
W 16. PEACE, JUSTICE ..

SDG, Level
M 1.NO POVERTY, Goal
B 1. NOPOVERTY, Indi..
M 1.NO POVERTY, Tar..
2.ZERO HUNGER, Go..
M 2. ZERO HUNGER, In..
M 2. ZERO HUNGER, Ta..
M 3.GOOD HEALTHAN..
M 3.GOOD HEALTHAN..
M 3.GOOD HEALTHAN..
11 4.QUALITY EDUCATI..
M 4.QUALITY EDUCATI..
M 4. QUALITY EDUCATI..
M 5. GENDER EQUALIT..
M 5. GENDER EQUALIT..
M 5. GENDER EQUALIT..
11 6. CLEAN WATERAN..
M 6. CLEAN WATERAN..
M 6. CLEAN WATERAN..
7. AFFORDABLE AND..
I 7. AFFORDABLE AND..
111 7. AFFORDABLE AND..
M 8. DECENT WORKAN..
M 8. DECENT WORKAN..
M 8. DECENT WORKAN..
M 16. PEACE, JUSTICE ..
W 16. PEACE, JUSTICE ..
W 16. PEACE, JUSTICE ..
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U-Report Nigeria Question Map

U-Report Uganda Question Map

SDG, Level
M 1.NO POVERTY, Goal
W 1. NOPOVERTY, Indi..
B 1.NO POVERTY, Tar..
2. ZERO HUNGER, Go..
M 2. ZERO HUNGER, In..
M 2. ZERO HUNGER, Ta..
I 3.GOOD HEALTHAN..
M 3.GOOD HEALTHAN..
M 3.GOOD HEALTHAN..
11 4.QUALITY EDUCATI...
M 4.QUALITY EDUCATI..
M 4.QUALITY EDUCATI..
M 5. GENDER EQUALIT..
M 5. GENDER EQUALIT..
M 5. GENDER EQUALIT..
6. CLEAN WATER AN..
M 6. CLEAN WATERAN..
M 6. CLEAN WATERAN..
7. AFFORDABLE AND..
I 7. AFFORDABLE AND..
1% 7. AFFORDABLE AND..
I 8. DECENT WORKAN..
W 8. DECENT WORKAN..
M 8. DECENT WORKAN..
M 16. PEACE, JUSTICE ..
W 16. PEACE, JUSTICE ..
W 16. PEACE, JUSTICE ..

SDG, Level
M 1. NO POVERTY, Goal
W 1. NOPOVERTY, Indi..
M 1.NO POVERTY, Tar..
2.ZERO HUNGER, Go..
M 2. ZERO HUNGER, In..
M 2. ZERO HUNGER, Ta..
M 3.GOOD HEALTHAN..
M 3. GOOD HEALTHAN..
M 3.GOOD HEALTHAN..
I 4.QUALITY EDUCATI...
M 4. QUALITY EDUCATI...
M 4.QUALITY EDUCATI..
M 5. GENDER EQUALIT...
M 5. GENDER EQUALIT..
M 5. GENDER EQUALIT..
6. CLEAN WATER AN..
M 6. CLEAN WATERAN..
M 6. CLEAN WATERAN..
7. AFFORDABLE AND..
I 7. AFFORDABLE AND..
101 7. AFFORDABLE AND..
I 8. DECENT WORKAN..
M 8. DECENT WORKAN..
M 8. DECENT WORKAN..
M 16. PEACE, JUSTICE ..
W 16. PEACE, JUSTICE ..
W 16. PEACE, JUSTICE ..
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U-Report Myanmar Question Map

Appendix 8.b: Quantitative comparison of tools

SDG. Level
I 1. NO POVERTY, Goal
M 1. NO POVERTY, Indi..
M 1. NOPOVERTY, Tar..
2.ZERO HUNGER, Go..
M 2. ZERO HUNGER, In..
W 2.ZERO HUNGER, Ta..
I 3. GOOD HEALTHAN..
W 3. GOOD HEALTHAN..
I 3. GOOD HEALTHAN..
4. QUALITY EDUCATI..
W 4.QUALITY EDUCATI..
M 4.QUALITY EDUCATI..
W 5. GENDER EQUALIT..
M 5. GENDER EQUALIT..
M 5. GENDER EQUALIT..
6. CLEAN WATERAN..
M 6. CLEAN WATERAN..
W 6. CLEAN WATERAN..
7. AFFORDABLE AND..
I 7. AFFORDABLE AND..
7. AFFORDABLE AND..
[l 8. DECENT WORK AN..
W 8. DECENT WORK AN..
[ 8. DECENT WORK AN..
M 16. PEACE, JUSTICE ..
M 16. PEACE, JUSTICE ..
M 16. PEACE, JUSTICE ..

Areas are proportional to the amount of SDG-related perceptions questions asked since 2014.
WVS (33 questions) GWP (99) ESS (14)




LatinoBarometer (37)

U-Report Myanmar (55)

GAS (57)

U-Report Nigeria (219)
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U-Report Uganda (239)
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